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provided through the Workbench User Support Hub.
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Tran TC, Schlueter DJ, Zeng C, Mo H, Carroll RJ, Denny JC. PheWAS analysis on large-scale biobank data with PheTK. Bioinformatics. 2024 Dec;btae719
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Mismatch Repair Status and Surgical Outcomes in
Localized Colorectal Cancer

A Nationwide Cohort Study

Tobias Freyberg Justesen, MD,* Adile Orhan, MD,* Andreas Weinberger Rosen, MD,* Mikail Gégenur, MD,* and
Ismail Gégenur, MD, DMSc*t

From the Department of Surgery, Center for Surgical Science,
Zealand University Hospital, Kage, Denmark.

Department of Clinical Medicine, University of Copenhagen,
Copenhagen, Denmark.
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Justesen TF, Orhan A, Rosen AW, Gogenur M, Gogenur I. Mismatch Repair Status and Surgical Outcomes in Localized Colorectal Cancer: A Nationwide Cohort Study. Ann Surg

Open. 2024 Dec;5(4):e499.
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Evolution of a Graph Model for the OMOP Common Data Model

Mengjia Kang , Jose A. Alvarado-Guzman , Luke V. Rasmussen , Justin B. Starren

1. Division of Pulmonary and Critical Care Medicine, Department of
Medicine, Feinberg School of Medicine, Northwestern University, Chicago,
Illinois, United States.

2. Neo4j, Inc., San Mateo, California, United States.

3. Division of Health and Biomedical Informatics, Department of Preventive
Medicine, Northwestern University Feinberg School of Medicine, Chicago,
Illinois, United States.

4. University of Arizona Health Sciences, Tucson, Arizona, United States
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Kang M, Alvarado-Guzman JA, Rasmussen LV, Starren JB. Evolution of a Graph Model for the OMOP Common Data Model. Appl Clin Inform. 2024 Oct;15(5):1056—65.
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CohortDiagnostics: Phenotype evaluation across a network

of observational data sources using population-level
characterization

Gowtham A. Rao B [E], Azza Shoaibi ], Rupa Makadia, Jill Hardin, Joel Swerdel, James Weaver, Erica A. Voss
Mitchell M. Conover, Stephen Fortin, Anthony G. Sena, Chris Knoll, Nigel Hughes, James P. Gilbert, [ --- ] Patrick B. Ryan 3 °

1.  Observational Health Data Analytics, Janssen Research and Development, LLC,
Titusville, NJ, USA.

2 OHDSI Collaborators, Observational Health Data Sciences and Informatics
(OHDSI), New York, NY, USA.

3. Department of Biostatistics, University of California, Los Angeles, CA,USA.

4 Department of Biomedical Informatics, Columbia University, New York, NY, USA.
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Rao GA, Shoaibi A, Makadia R, et al. CohortDiagnostics: Phenotype evaluation across a network of observational data sources using population-level characterization. PLoS

One. 2025;20(1):e0310634..
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IE[HADES N ePackages

Population-level estimation
Patient-level prediction

Characterization

Cohort construction and
evaluation

Evidence Quality

Supporting packages

B Validation # Publications

Learn more...

HADES Packages

@® Support ~ & Developers ~

Learn more...

Cohort construction and evaluation

Develop and manipulate complex
cohort definitions in R

Learn more...

An R wrapper for Circe, a library for
creating cohort definitions,
expressing them as JSON, SQL, or
Markdown.

Learn more...

@ CohortGenerator

Instantiating cohorts in a database
based on a set of cohort definitions.

Learn more...

The OHDSI Phenotype Library: a
collection of community-maintained
pre-definined cohorts.

Learn more...

@ Phenotypelibrary

Generate a wide set of diagnostics to
evaluate cohort definitions against
databases in the CDM.

Learn more...

& PheValuator

Semi-automated evaluation of
cohorts, producing metrics suchs as
sensitivity, specificity, and positive
and negative preditive value.

Learn more...

Visually explore all individual-level
data of patients in a cohort

Learn more...

Knowledge-Enhanced Electronic
Profile Review

Learn more...

Generate descriptive statistics on an
entire OMOP CDM database

Learn more...

Evidence Quality

@ DataQualityDashboard
Expose and evaluate observational
data quality.

Learn more...

& EmpiricalCalibration

Use negative control exposure-
outcome pairs to profile and
calibrate a particular analysis

design.

Learn more...

@ MethodEvaluation
Use real data and established

rafaranca cate ac wall ac cimulatiane

https://ohdsi.github.io/Hade

s/packages.html
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FHIR PIT: a geospatial and spatiotemporal SO ‘
data integration pipeline to support « FHIR®EADEHRT —5Z&FERL. Z=fEr - RENREEC T 71U
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Fecho K, Garcia JJ, Yi H, et al. FHIR PIT: a geospatial and spatiotemporal data integration pipeline to support subject-level clinical research. BMC Med Inform Decis Mak. 21
2025:25(1):24.
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// ‘ 18d OHDSI Global/APAC

@® Global Community Call 77—~
Jan. 21 Clinical Guideline Review, Session |

Jan. 28 Clinical Guideline Review, Session Il

® APAC Call 77—«
Jan. 16 APAC 2025 Kickoff (Mui), Newcomers Session (Steven, Keiko, Jiwon)

Steven Yong, CEO of NovoHeal Jiwon Um
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Save The Dates!

= OHDSI}

. OBSEAVATIONAL HEALTH DATA SOENCES AND INFORMATICS

Save-the-date

5-7 July 2025

Old Prison - Hasselt

University
Martelarenlaan
Hasselt - BELGIUM

S A LYVYAD DR
Bahia
» BRASIL «

| O @OHDSI www.ohdsi.org #JoinTheJourney 3 ohdsi
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Each year, workgroup representatives
join a February community call to
present the mission, objectives and key
results for their respective groups. These
2-4 minute presentations are recorded
and posted on the Workgroups
homepage on OHDSI.org.

Please choose a date to sign up
for a February date; once a date
has at least 10 workgroups, it
will be closed.

/1 Workgroup OKRs

Already Signed Up:
Oncology

Rare Disease

Common Data Model
Steering

CDM Survey Subgroup

Latin America

Clinical Trials

GIS - Geographic Information
System

Health Systems Interest Group
Eye Care and Vision Research
Transplant

Themis

Medical Devices

" ) @oHDsI www.ohdsi.org

#JoinThelourney m ohdsi
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Research

Build research expertise and
collaboration amongst the
different chapters through

publication

Milestones

* Initiated new APAC study in
collaboration with Singapore
HSA

Showecased initial study results
at the 2024 APAC Symposium

Training

Create an APAC training program
to expand reach to the general
community

Milestones

* Hosted 4 in-person trainings in
Japan, Thailand, Taiwan and
Singapore

= |nitiated and successfully
completed first community-wide
ETL project

2024 OHDSI APAC Achievements

Communication

Create collaboration activities
that encourage collaborative
generation and dissemination of
evidence that promotes better
health decisions and better care

Milestones

Hosted 2024 APAC symposium

Distributed 4 quarterly
newsletters

Hosted 12 community calls and
13 scientific forums
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2025 OHDSI Focus Areas

Guideline-driven Evidence-driven Evidence-driven Evidence-driven
Evidence Data Open Source Collaborative

Generation standardization Development Education

Dry January: Phenotype Phebruary: March to Data Fitness:

Guideline review to determine Develop/evaluate cohorts Evidence network to determine
evidence needs where RWE needed to support filling the which partners are appropriate
could potentially contribute evidence gaps to generate which evidence
Analysis April: Meta-analysis May: Journey to June:

Prepare protocol and analysis Collaborative interpretation of Mid-year reflection on evidence
specification to initiate network  results from across network generation process and progress
execution

Spread-the-Word Second Half: Focus on Evidence Dissemination
July: OHDSI EU August: September:
October: OHDSI Global (tbd) November: December: OHDSI APAC
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2025 OHDSI Focus Areas

Guideline-driven Evidence-driven Evidence-driven Evidence-driven
Evidence Data Open Source Collaborative
Generation standardization Development Education

2025 Priorities:
1. Evidence Network engagement
* Data partner organizations with source data converted to OMOP CDM v5.4
are encouraged to become part of OHDSI Evidence Network

* We will conduct Evidence Network evaluations of ‘fitness-for-use’ based on
evidence needs identified by the community
2. OHDSI Standardized Vocabularies community contributions
* OHDSI Vocabulary team has defined 2025 roadmap for February and August
releases

* We are seeking community contributions to expand vocabulary content
(concepts) and improve mapping (relationships), and to improve our own
for in [ ' ibuti
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2025 OHDSI Focus Areas

Guideline-driven Evidence-driven Evidence-driven Evidence-driven
Evidence Data Open Source Collaborative
standardzation Development

2025 Priorities:
. Harden Strategus and associated HADES packages to enable improved user

installation and execution experience
. Improve OHDSI packages based on the user needs and experience from

Guideline-driven Evidence Generation study teams
. Redesign ATLAS with focus on improving the experience of cohort design and

evaluation
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2025 OHDSI Focus Areas

Evidence-driven Evidence-driven Evidence-driven
Data Open Source Collaborative

Guideline-driven
Evidence

Generation standardization Development Education

2025 Priorities:

1. Refresh ‘Book of OHDSI’ to align with current practice and increase emphasis on
evidence generation and dissemination for evidence generators

2. Lean into JACC Partnership to promote best practice to evidence consumers
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2025 OHDSI APAC Goals

Guideline-driven
Evidence
Generation

Evidence-driven
Data
standardization

Research

VN

Build research expertise and
collaboration amongst the
different chapters through

publication

Milestones

* Continue and complete 2024 APAC
Study (GLP-1 ALI)

* Select and conduct 2-3 new network
studies led by APAC

» Strengthen APAC presence in OHDSI
Evidence Network

Evidence-driven
Data
standardization

Evidence-driven
Collaborative
Education

Training

A

Create an APAC training program
to expand reach to the general
community and provide more

opportunities for hands-on
learning

W IESEHES

* Formalize an OHDSI/OMOP
curriculum/in APAC

* Conduct a community-wide project
on ETL and/or vocabulary mapping

* Support update and localization of -

Book of OHDSI

Guideline-driven
Evidence
Generation

Communication

A

Create collaboration activities
that encourage collaborative
generation and dissemination of
evidence that promotes better
health decisions and better care

Milestones

Host APAC symposium and issue
certificates for participation

Distribute quarterly newsletters

Host monthly community calls and
scientific forums
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